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Abstract. As Al technologies become increasingly integrated into class-
rooms, the field of Al in Education (AIED) emphasizes the need to under-
stand stakeholder perspectives to ensure Al is designed and implemented
in ways that support both teachers and students. However, previous re-
search has not fully examined how these perspectives may vary across
cultural contexts. Given the complexity of classroom dynamics and the
role of cultural and social values in shaping learning experiences, it is cru-
cial to explore how contextual factors might influence stakeholder views.
This study presents a qualitative investigation involving 15 German and
10 Japanese teachers, using a storyboard-based speed-dating approach to
examine their perspectives on student-led versus Al-led decision-making
in the classroom. Our findings reveal commonalities between the two
groups, such as the shared belief in the importance of teacher involve-
ment in both students’ and AI’s decision-making processes and concern
about excessive Al monitoring. However, we also identified notable dif-
ferences: Japanese teachers expressed a stronger preference for greater
access to student data, while German counterparts preferred student
autonomy in decision making. We discuss these findings in relation to
their cultural contexts, including classroom norms such as the “silence”
in Japanese classrooms. This study contributes to the field by demon-
strating how stakeholder perspectives on Al in education can vary across
cultural contexts and highlighting the need to account for cultural and
social factors when designing and integrating AI systems in classrooms.

Keywords: Al-Supported Classroom - Student Agency - Intelligent Tu-
toring Systems - Classroom Orchestration
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1 Introduction

1.1 AI Use in the Classroom: Towards Hybrid Intelligence

Across the world, an increasing number of classrooms are adopting or considering
the integration of Artificial Intelligence (AI)-powered technologies to enhance the
efficiency and effectiveness of learning [16]. Notable examples are seen in North
America, where a number of schools have incorporated advanced intelligent tu-
toring systems, such as Cognitive Tutors, to support student learning in subjects
such as mathematics and reading [8, 14]

The integration of Al-powered learning tools in classrooms results in complex
dynamics among the AI systems (such as Intelligent Tutoring Systems, ITSs),
students, and teachers [18]. For example, when students independently use tu-
toring software on their own devices during class, challenges may emerge if the
provided content does not align with the curriculum or the teacher’s planned
instruction. Additionally, teachers may interrupt students’ progress to address
widespread misconceptions identified through the system [6]. In these scenar-
ios, students or teachers might request that the AI adjust tasks to offer further
practice, teachers may pause progress to enable classroom discussions, or they
may pair higher-performing students with those who need additional support,
leveraging Al-based tutoring to reduce instructional workload while enhancing
student learning outcomes [3].

Recognizing the critical role of human actors in Al-assisted classrooms, recent
research highlights the necessity of teacher involvement in these complex inter-
actions [9,11]. Aligning with the concept of “hybrid intelligence,” which refers
to synergetic collaborations between Al tutors and human educators [6, 9], stud-
ies have examined teachers’ preferences regarding Al-assisted group formation
in classrooms [3]. Additionally, researchers have co-designed Al-based tools to-
gether with teachers to ensure their needs and preferences are embedded in the
design process [9]. Findings consistently show that teachers do not favor fully
letting AT systems take their respounsibilities [3, 9].

1.2 Cross-Cultural Stakeholder Views on AI Use in the Classroom

Despite progress in Al in Education (AIED), much of the research on human-AT
hybrid intelligence in school classrooms remains focused on North America, es-
pecially the United States [3,7,9]. In contrast, there is a lack of studies capturing
perspectives from stakeholders in other cultural settings. While some research
does examine stakeholder viewpoints in other countries, these studies target con-
texts other than K-12 classrooms [5].

Given that an increasing number of school classrooms across the world have
been equipped with advanced technologies, with a focus on AI [16], it is vital
to explore how stakeholder views might or might not be similar across cultural
contexts. The field requires context-specific interpretations of design studies with
stakeholders; otherwise, we risk that findings from existing studies (from a sin-
gle cultural context) might be advocated for greater generalizability. Indeed,



Teachers’ Perspectives on Decision-Making in AI-Supported Classrooms 3

studies have documented that schools and classrooms in different cultures adopt
instructional technology in various ways [13]. Further, cultural and social norms
also play an important role in influencing peoples’ views towards Al technologies
[4,15]. For example, Brauner et al. [2] compared Chinese and German citizens’
perception towards benefits and risks of Al in the society, finding that Germans
are more cautious attitudes towards AI than Chinese people, who are more
optimistic about the use of Al in the society. In a complex multi-stakeholder
environment such as in a classroom, it is possible that certain social practices
and norms affect how stakeholders see the technology.

To explore stakeholder views on Al use in the classroom across cultures, we
conducted a qualitative speed-dating study with a total of 25 teachers in Ger-
many and Japan. We chose these two countries because both countries are start-
ing to integrate adaptive learning software in school environments (examples in-
clude bettermarks* in Germany, Qubena® in Japan) , supported by governmental
policies (in both countries, all students from secondary schools are provided with
a laptop or tablet device). Compared to countries with advanced implementa-
tion of Al-based systems in everyday instruction (e.g., Cognitive Tutor-based
tools, such as a full curriculum implementation using MATHia® in the US [14]),
classrooms in Japan and Germany have not yet used adaptive learning software
to its full potential, instead only to the limited extent (e.g., homework prac-
tice). While we made this characterization first based on our own experience
in working with schools in Germany, Japan, and US, international surveys also
support the claim; PISA2022 shows that US schools have much more availabil-
ity of computers for students (mean: 1.74 devices per student), while Germany
(mean: 0.55) and Japan (mean: 0.76) did not yet have many computers available
in 2022, below OECD average (mean: 0.81) [13].

This setup offers study contexts that are similar to each other in terms of
AT integration in the classroom. As well, the authors of this paper include two
Japanese and three German citizens, and have worked with schools in Japan and
Germany in the last few years. Therefore, we chose the countries in which we
could provide a detailed account of the observed phenomena and relevant social
and cultural contexts in these countries.

Despite such commonalities that make a comparison useful, it is notewor-
thy that Germany and Japan have several distinctive differences that might or
might not influence how stakeholders view AT use in the classroom. PISA2022
[13] has revealed some differences in how teachers support student learning (per-
ceived by students). For instance, Japanese students consistently report that
their teachers are dedicated in helping students understand mathematics with
interest, while German students do not feel that level of teacher support in the
classroom. Regarding technology use, German students are more open to teacher
monitoring during laptop use in the class compared to Japanese students [13].

* https://de.bettermarks.com/
5 https://qubena.com/
5 https://www.carnegielearning.com /solutions/math/mathia
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These differences in how classroom climate is maintained and managed might
mediate/moderate how they would interact with AT systems.

1.3 The Current Study

In this paper, we ask the following research question: How do teachers in Ger-
many and Japan differ in their preferences regarding student—AlI decision-making
control in school classrooms? We conducted a speed-dating study with 25 teach-
ers from both countries to obtain deep insights into how they envision the future
of Al-supported classrooms.

The study contributes cross-cultural insights into teacher preferences for human-
AT hybrid intelligence in the classroom, addressing the current North American
bias in AIED research. In particular, our study identifies key cultural differences
(along with similarities), where German teachers emphasized student autonomy
in decision making while Japanese teachers preferred stronger control over stu-
dents’ data sharing. We also find differing views on Al-supported help-seeking,
with German teachers favoring help-seeking within Al systems and Japanese
teachers preferring direct teacher-student interaction, which implies broader cul-
tural differences in classroom communication.

2 Method

2.1 Participants

We recruited 15 school teachers in Germany and 10 school teachers in Japan
through previous contacts and direct emails/visits to nearby schools (Table 1).
Teachers participated in a study session individually, which was conducted in
German with the German teachers and in Japanese with the Japanese teach-
ers. They attended the session online or in-person in a university lab or at the
teacher’s school. We did not have any concrete knowledge of how much AT tools
have been used (if any) in the participants’ specific classes prior to data col-
lection. Participants received a consent form prior to the study, and only after
signing the form, participated in the study. German teachers received 40 Euros
and Japanese teachers received 2,500 Japanese Yen after participation (which
are within a standard level of compensation given in respective countries). Par-
ticipation in the study was fully voluntary, and the study had been approved by
the university ethical review board before data collection.

2.2 Materials

To facilitate our sessions, we developed eight storyboards that show hypothetical
situations of AI use in the classroom. Storyboards are a typical design material
for speed-dating studies [19]. Each storyboard has five scenes, in which the first
three scenes set the context of the story and behaviors of stakeholders in the
classroom (Figure 1). The last two scenes show the outcome of the action, where
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Table 1: Participants’ years of teaching experiences, grade levels taught, and
whether they have participated in the study online or in-person. Participant 1D
with “G” and “J” represent German and Japanese teachers, respectively.

Participant Years of teaching Grade levels taught Participation mode

G1
G2
G3
G4
G5
G6
G7
G8
G9
G10
Gl11
G12
G13
Gl14
G15
J1
J2
J3
J4
J5
J6
J7
J8
J9
J10

10
3.5
4
15
15
7
1.5
2
2.5
2
1
0.5
21
10
28
23
3
7
1

o

~3 00 =7 =1 RO

5th-12th
1st-4th
5th-12th
5th-12th
5th-12th
8-10th, 12th
7-8th, 10th, 12th
5th, 7th, 10-11th
3rd
5th, 7-9th
6th-12th
6-7th
5th-9th
11th-13th
5th-10th
3rd-6th
7-9th
7-9th
7-9th
7-9th
7,9th
7-9th
2-7th
2-6th
10-12th

Online
In-person
Online
Online
Online
Online
In-person
Online
Online
In-person
Online
Online
Online
Online
In-person
In-person
In-person
In-person
In-person
In-person
In-person
In-person
Online
Online
Online
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one (4A) shows a positive consequence, while the other (4B) shows a negative
ending. For instance, in Figure 1, 4A illustrates a positive consequence of giving
students a greater decision-making control over data sharing where students feel
comfortable as they were able to choose what (not) to choose with the teacher.
On the other hand, 4B shows a negative consequence that the teacher cannot
offer help as they cannot view student data. We included both positive and
negative consequences intentionally to avoid receiving biased responses. In this
study, we use Intelligent Tutoring Systems (ITSs) as an example of common
classroom Al technology [8, 14].

Scenario #3

YOUR SREEN - YOUR SREEN 7 YOUR SREENF
DATA AROKTCLASS 84 (%5 — DATA_ABOAT CLASS 34
=== U= S
e {Mwi. n : ¢
— ) . [ | LN
= W00

1. Your students see the settings of the Al- 2. Students can choose what to share with 3. Some students choose not to share
based learning system and understand the teacher. As the teacher, you can their data because they do not want to.
that the system can collect all types of monitor student progress and performance

data about them and their learning. as they work with the system.

4A. Students who did not share anything feel

comfortable because neither their classmates

nor the teacher will be able to monitor their them effectively without insight into their
performance. data.

4B. You want to help students who have not
shared their data, but it is difficult to help

Fig. 1: A scenario illustrating students’ high degree of control over data sharing
with teachers through an Al system.

Japanese and German versions were created; these two versions of the eight
storyboards did not differ, except for the language used for captions and for
names of the students who appeared in the scenarios (common names in the
respective country were used).

We chose eight different scenarios that cover across multiple dimensions of
student-Al decision making control so that the insights would not be specific
about one aspect of decision making. Namely, we followed Vincoli et al [17]’s
multi-dimensional model of student-Al agency in the classroom. In their agency
framework, they define four types of student-Al decision-making control: Content
Control (student deciding what content to learn next vs. being assigned by Al),
Help-Seeking Control (student autonomously asking for help vs. Al prescriptively
gives hints when identifying struggles), Data Control (student deciding what
learning data to share vs. Al automatically sharing data with teachers) and Co-
Orchestration Control (student deciding with whom to work with in a group
work vs. Al assigns groups based on students’ performances).

We generated the scenarios such that they represent student-led decision mak-
ing and Al-led decision making in a systematic way; specifically, each scenario
shows a situation that corresponds to each end of the decision-making spectrum
presented above (four spectrums * two ends, resulting in a total of eight scenar-
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ios) [17]. In other words, these eight scenarios depict situations of AI use where
one with students having greater decision-making control whereas the other with
AT possessing greater power over decision-making control power across the four
spectrums of Al use in the classroom. All eight scenarios are available online.”

2.3 Procedure

One or two researchers (who are native speakers of the language) conducted
each session. After several warm-up questions on participants’ years of teaching,
how they normally use technology in the classroom (e.g., Al technologies), we
introduced the eight scenarios, following the speed-dating technique [19]. We
presented scenarios in a random order to avoid any potential influence of what
participants see earlier in the session on their sharing for later scenarios. The
participants were asked how they would feel in the depicted situations for both
positive and negative outcomes. All sessions (which took about 40-60 minutes)
were video recorded for analysis.

2.4 Analysis

We collected video recordings of approximately 17.4 hours from 15 German
teachers and 8.6 hours from 10 Japanese teachers. Two German native speakers
and two Japanese native speakers transcribed and then coded the data based
on our research question. We did not include data on the warm-up questions
as they were meant to create a friendly study environment. During the initial
coding process, each researcher looked for teachers’ quotes that show their pref-
erences and opinions on the presented scenarios. This coding process resulted in
648 individual quotes for German data and 386 quotes for Japanese data.

Then, within each data group (German and Japanese data), the four re-
searchers conducted Affinity Diagramming (AD) analysis separately to find com-
mon themes within each country group without being biased by the other group.
AD is a qualitative data analysis technique that involves organizing quotes and
codes into clusters based on shared ideas and themes. This process creates hier-
archical structures that help identify overarching patterns across multiple levels
of themes [10]. We conducted AD using a virtual whiteboard, which allowed for
iterative refinement. Researchers who transcribed the data performed AD (two
researchers for each), which was then reviewed and revised by researchers who
transcribed the other country’s data. Applying AD, we generated 70 and 29
low-level themes/groups for German and Japanese data, respectively. We chose
not to form a higher-level structure for each dataset as we realized that it would
make comparison ambiguous; we decided to stay in low-level categories for a
more fine-grained comparison between data groups.

Next, to identify the differences between German and Japanese teachers’
views, we combined the two resulting AD structures. Specifically, all the re-
searchers examined each low-level theme (n = 70) from the German data (as

7 https://tinyurl.com /teacherstoryboards
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there are more themes in German data) by reviewing a represented them and
individual quotes included, as well as the number of quotes and participants
represented for each low-level theme. Then, we compared each of the low-level
themes from German teachers against all 29 low-level themes from the Japanese
data. During this process, we annotated Japanese low-level themes with either
“similar” or “opposing,” depending on the direction of the theme. For example,
a German theme of “students should be notified of how Al is used in the class-
room” was annotated as “opposing” against a Japanese theme of “I don’t think
students care about their data being shared” as they show opposing views to-
wards Al monitoring. After reviewing all German data, we also reviewed individ-
ual Japanese themes to apply the same procedure. As a result, we generated 32
“similar” matching pairs and 15 “opposing” pairs between German and Japanese
data. We also recorded non-matching themes as distinct themes unique in each
data group.

Finally, we synthesized the resulting low-level matches and distinct themes (n
= 95) into five high-level theme categories. Four individual low-level themes were
disregarded as irrelevant later in the analysis process. During the entire analysis
process, all researchers met regularly to share the coding/analysis process and
discuss to resolve any disagreements.

2.5 Positionality Statement

The team includes five researchers (including three native German citizens and
two Japanese citizens, born and raised in the respective country till in their
20s). The team has prior experience working with school teachers in Germany,
Japan, and the United States. They also have research expertise with ITSs, which
serve as the primary platform examined in the scenarios. It is of note that their
background and past experiences may have influenced the design of the study,
study materials, analytical approach, and interpretation.

3 Results

In this section, we report the main high-level themes, categorized into whether
the teachers’ views are similar or different (combination of opposing and distinct
themes from the analysis) between German and Japanese teachers.

3.1 Shared Views on AI Use in the Classroom

First, we identified several overarching themes that were common across teacher
groups in all countries. These include teachers’ recognition that Al cannot fully
capture the complex social dynamics of the classroom, their concern for main-
taining safety in Al use, and their preference to retain control over key decisions
as the “gatekeepers” of teaching and learning. Each of these findings is discussed
in detail below.
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“AI cannot consider social aspects of teaching and learning.” Teachers
in both countries share the concern that Al is not capable of detecting social
dynamics in the classroom. This is most often mentioned while participants were
discussing scenarios on pairing students up into groups (i.e., Co-Orchestration
Control). For example, J1 (23 years of teaching) said:

“It’s quite difficult, you know [...]. For example, when making group in
the class, it should include information such as ‘this child and this child
should not be close to each other’ or ‘this child and this child will have
a fight’.”

Teachers in both countries are also concerned that reliance on Al that over-
looks social relationships may undermine teacher-student relationships:

“If this were to be used everywhere and all the time in every subject, it
would mean that a little bit of the social interaction would be lost. And
also the teacher-student relationship is a completely different one” (G3:
4 years of teaching).

In these situations, a majority of teachers in both data groups reported that
they would discontinue using AI, as they do not find it meaningful to rely on
AT systems that make decisions without considering classroom social dynamics.
For teachers, building strong, sustainable relationships with students is critical,
and Al systems that disregard these relationships are viewed as unacceptable.

“I’'m trying to build a good relationship with my kids on a daily basis. I
think that is a very important aspect of classroom activities, regardless
of whether it is AI or not. In all teaching situations, I think building a
good relationship with kids is important regardless of whether it is Al
activity or not” (J9: 8 years of teaching).

“We need to ensure the safe implementation of AI systems in the
classroom.” Another area of agreement concerns the safe use of Al systems in
the school environment. For example, teachers in both groups emphasized the
importance of obtaining buy-in from all relevant stakeholders. Most importantly,
while recognizing the benefits of Al use (e.g., for better personalization), teachers
thought that creating a safe environment might be difficult with increased Al
monitoring:

“Yes, not nice, [...] the children would come to school with stomach aches
and that would not be nice. Because then you can’t remember anything
and you can’t learn anything if you go to school with these fears” (G2:
3.5 years of teaching).

“From the student’s point of view, if the student is being monitored by
the teacher, and if the student does not want to be monitored in this
way, he or she will not be able to study with peace of mind” (J7: 7 years
of teaching).
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This concern also extends to how AI technology may be accepted by stake-
holders outside the classroom, such as parents:

“[When discussing scenarios for Data Control| This is incredible. A real
monitoring system. It’s scary if it goes this far, though. The school is
becoming scary for kids. I think the teachers are going to notice that we
are not studying. There’s going to be complaints from parents” (J5: 4
years of teaching).

Importantly, many teachers emphasized the need to maintain the classroom
as a safe and relaxed environment where students can make mistakes, openly
acknowledge them, and engage in transparent discussions with their teachers.
Although AI may enable faster and more efficient communication between stu-
dents and teachers, teachers did not find it meaningful to use Al for all classroom
activities, as this could result in constant monitoring and further offloading of
teacher-student communication.

“As a teacher, I should be able to intervene student-Al interactions.”
Both groups of teachers have a strong desire to proactively intervene in situations
where Al tries to make decisions for students. Teachers shared that there should
be a way for them to over-ride Al’s decision making [6] when their perception of
what is best for students differs from that of AI (across all scenarios and aspects
of control). This tendency of teachers’ proactive intervention desires replicates
prior findings in the US [3]:

“It would be difficult if we couldn’t change the assignments when what

the AI thinks and what we believe about the children differ, especially

in terms of the points/areas where we really want students to educate.

It would be a problem if the AI’s perception and our perception don’t

match.” (J3, 7 years of teaching).

This desire for intervention often comes from their belief that Al can never be
perfect (as shown above regarding social dynamics). However, teachers’ sharing
also implies that they are worried about Al disrupting the hierarchical structure
of authority in the classroom, thinking that ATl’s “dictatorship” (G10: 2 years of
teaching) gives students a wrong impression (that teachers would not like):

“[When seeing a scenario that shows a situation where teachers cannot
change AT’s content assignment] This would weaken my role in the class.
And it could also give students a false sense of hierarchy in the classroom.
So suddenly the technology is above the pedagogically trained force”
(G14: 10 years of teaching).

3.2 Differing Views on AI Use in the Classroom

While teachers from both countries shared their views on the aforementioned as-
pects, there were several notable themes on which German and Japanese teachers
expressed different thoughts. These distinct differences include teachers’ percep-
tion on how AI could help students become metacognitive and students’ data
sharing with teachers.



Teachers’ Perspectives on Decision-Making in AI-Supported Classrooms 11

“Use of AI would not help promote students’ metacognitive skills
(Japanese).” First, there is a differing view regarding the benefits of a help-
seeking feature embedded in a typical Al tutor (depicted in our scenario (Sce-
nario 1). This help-seeking function illustrates a common problem-solving hints
[1] that are adapted based on students’ problem-solving state. While German
teachers generally liked that students can ask for such adaptive hints (thinking
that it would be useful for their learning), many Japanese teachers rejected it:

“Not only Kazuya [student illustrated in the scenario who is struggling
with their task]|, I will tell all students that ‘if you don’t understand
something, just ask me.” It is important to proceed on your own, but
if you don’t ask and end up not understanding, it won’t be for your
own good, so if you don’t understand, just ask me! This is not to hurt
Kazuya’s dignity — I will tell all students in classroom, ‘Please ask me
question if you have any issues’” (J9: 8 years of teaching).

We speculate that this difference might be attributed to the reported charac-
teristic among Japanese “silent” students (i.e., Japanese students tend to keep
silence in the classroom, begin reluctant to initiate interactions with teachers
[12]); it might be that Japanese teachers prefer inter-personal, transparent com-
munications more than what German — or Western — teachers would prefer [12].

“Students’ data should always be shared with me (Japanese).” An-
other notable difference between the teachers was on the topic of data sharing.
Japanese teachers were more optimistic regarding getting access to students’
data (i.e. students having less control over data sharing through AI) while Ger-
man teachers are more restrictive and conservative. Specifically, many German
teachers emphasize students’ right regarding data ownership and sharing, and
that students should be given at least a formal consent (in accordance with le-
gal requirements e.g., GDPR) and also an opportunity to make decisions about
what data to share with teachers:

“So somehow it would be quite fair for the children to have a say. And
that’s also what we promote at school: the right of co-decisions, that
children are allowed to have a say at a very early age in what concerns
them or, in this case, what data they want to disclose, is a good thing”
(G2: 3.5 years of teaching).

Although German teachers, too, recognize the importance of having access to
basic learning data from students to conduct their teaching, Japanese teachers
insisted on students’ data sharing more strongly, indicating that students would
not care much about their data being collected and shared:

“I'm thinking that there probably aren’t that many kids who feel fear
from the system, because they would rather use it as something like that.
They probably don’t know that data is being collected, but they don’t
care that much” (J7: 7 years of teaching).
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“I think only some students would choose ‘not to share.” In my case, I
would tell the students, ‘Show it to me.” If everyone in the class were
to use this system, I would want to know about the students’ situations
too” (J4: 10 years of teaching).

In both countries, there are several teachers who stated that students would
be fine with data sharing as long as teachers clearly explain its purpose, but
we observe the pattern that Japanese teachers are more open to students’ data.
This tendency is notable, as Japan also has a GDPR-equivalent law (“Act on
the Protection of Personal Information,” while GDPR requires more strict data
protection practices).

4 Discussion

It is increasingly important to fully understand stakeholder views to promote
effective, ethical, and safe use of Al in a complex, multi-stakeholder environment
such as in a school classroom. Past work has yet to reveal how stakeholder
views might (or might not) differ across cultures. We conducted a speed-dating
study with 15 German teachers and 10 Japanese teachers to gain insights into
how teachers perceive decision-making control owned by AI or student, what
preferences they have towards the use of Al, and how their views differ between
the two cultures (which share a similar pace of technology adoption in schools).

Our study shows that while both German and Japanese teachers deeply value
the human touch in teaching, they differ significantly in how they view data
privacy and the way students and teachers should talk to one another.

4.1 Preserving the Human-in-the-Loop Student-AI Interactions

A primary finding of this study is the agreement that AT cannot (and should not)
replace the social identity of a teacher. Across both groups, teachers expressed
skepticism about AI’s ability to navigate the complex social dynamics of the
classroom, such as interpersonal conflicts or student friendships, which they think
they can better handle (therefore prefer to be able to intervene). This finding
aligns with prior work conceptualizing how teachers and Al could work together
[7,11], with the unique implication that AI is viewed as a tool that must be
subordinate to human judgment.

A central tension in our findings is the perceived threat AI poses to the peda-
gogical hierarchy. Teachers in both countries did not view Al merely as a neutral
assistant but as a potential “dictator” (G10) that, if misused, could undermine
their professional authority.

Although it was expected that these feelings might have been influenced by
the design of our storyboards that illustraed extreme cases, teachers’ reflections
also pose important implications regarding how they consider the hierarchical
structure in the classroom. When German teachers expressed concern that tech-
nology might rank “above the pedagogically trained force,” they were defending
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a specific professional identity: the teacher as a critical decision-maker who pos-
sesses context that an Al algorithm lacks. This finding suggests that hybrid
intelligence might not look as simple as a 50/50 split of power. Instead, they
desire a model where Al provides data, while the teacher retains the power to
make critical decisions.

4.2 Individual Rights vs. Pedagogical Responsibility

Our study also revealed a few critical differences between the two groups, espe-
cially around how they perceive student data and privacy. For German teachers,
the classroom is an environment where student autonomy is protected by formal
rules. Their focus on the “right of co-decision” indicates that German teachers
view students as an individual with distinct rights that exist independently of
the teacher. In this context, Al monitoring is seen as a potential violation of the
student’s private space.

Japanese teachers in general, however, prioritize the teacher’s ability to sup-
port the student over the student’s individual privacy. Their claim that students
would not care much about data collection implies that their relationship build-
ing and how much teachers perceive student autonomy is based on their trust
(rather than social norms or legal boundaries). For them, access to data is a
prerequisite for fulfilling their professional duty. If the teacher does not have
full visibility into the student’s progress, they cannot intervene effectively. This
aligns with the PISA2022 findings [13] that Japanese teachers are perceived as
highly dedicated to individual support; they see data not as a surveillance tool,
but as a necessary resource for high-quality instruction.

Further, another clear difference around help-seeking reveals an unique peda-
gogical strategy and social dynamics in the classroom. Although a deep cultural
comparison between Germany and Japan is out of scope for this paper, prior
work conducted in Japanese classrooms [12] suggests the special “silent” culture
present in Japanese classrooms (which also resonates with authors’ impression as
someone who have experienced and seen both Japanese and German classrooms).
This distinct difference may form teachers’ preferences and strategies differently;
for example, it may be that Japanese teachers need to actively ask students to
share their thoughts (because otherwise students would not ask questions). On
the other hand, German teachers may have a tendency that they would let stu-
dents freely interact with help-seeking features as teachers are not concerned
about the “silence” that Japanese classrooms have.

4.3 Limitations

We acknowledge a few limitations of the study. First, our sample included only
15 and 10 German and Japanese teachers, respectively. Insights from this sam-
ple might therefore not generalize across the population. Further, the design of
storyboards might have biased teachers’ conception of Al
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5 Conclusion

It is essential to gain a comprehensive understanding of stakeholder perspectives
on classroom Al to promote its effective, ethical, and safe use in classrooms
and to identify how they differ between cultures. We conducted a speed-dating
interview study with a total of 25 German and Japanese teachers, examining
how their preferences align or diverge across these contexts. Our findings show
that while Japanese and German teachers share similar views regarding the
limitations of AI, concerns about safety, and their desired level of control over
classroom decision-making. At the same time, we also found notable differences
in their attitudes toward student data sharing and the role of Al in supporting
students when seeking help.
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